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Descriptions: The focus of this project is to develop advanced Al technologies that can achieve
both trustworthy and high efficiency. At each stage of the Al technology lifecycle, including data
collection, annotation processing, model training, verification, and inference. We conduct
research on trustworthy Al technologies on the root causes of trust issues in Al technology and
finding solutions. All different kinds of Al technology components developed by the team can be
applied widely in different intelligent services. Using a general-purpose intelligent assistant as a
demo example setup, we illustrate how these Al technologies can be applied in an intelligent
assistant system. These include speech recognition with bandwidth expansion techniques for
noisy environments; perturbation for unauthorized data; YOLOV9 object detection; image
debluring techniques; scene text recognition; Taiwan LLM (Large Language Model) and
evaluation methods ;and prompt methodology to enhance LLM performance.
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From Using Prompting Methodology to
Proposing New Prompting Methodology
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Key idea: Demonstrating domain experts' reasoning Key idea: LLMs are able to enhance their performance by
processes to LLMs significantly boosts their performance themselves through self-generated demonstrations
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